1501 ZAYstT m453 AM53 20161 10¥(pp. 1501~1526) http://dx.doi.org/10.17287/kmr.2016.45.5.1501

CIE{Ul ME M iEnt st SO MTEA0 Cet A7

O 7744 (Fxixh)
*1§EH3.” Zcyst
(eusuck 1@snu.ac.kr)
AFAH (mAIF R
Solchetn Zystat
(kccha@dau. ac. kr)
LAZ (3R
AMSCiEn ZHAcyst
(profkim@snu. ac. kr)

0.

el AAE Aal B ARE BAGT ol FAOl, LHAE
I woe) @m Qe ¥ Az mE s
9% $43ka g, Ao del daEe o

9] 58 ] il Lok

33t ﬂiz\ﬂl/\ﬂ E]]O]E] A= jl

= =
A5 GE} 247t | AL AT deAE

> o
e
lo
Pl

N U—r‘

*—MHE’M.
2 A7 wAdE EA3 28A (Granger) FBA ARE B3 Gstol thek AEYl AA R wjZd Atolof] ot
Al s AL EAEE SR T2(Google)o] ABaHE Fslol i 9 Auzke o] 9o vhron)a
o) AY gl AR, FAOl A% Wt W% dk 0 FEE Pe 4 E

ok Fshe A4l o Fatehe Aelth. o] Avke AR A4S BF o) o}
3k Blo] AuiA Zeleks %“i’%‘d Wgst vhzdh olsh HEel, F 7 A
xg E—o-ﬂ AFES A AR S B tid o] 9 B VEEY AF HR G
gAsdrh. A Avke 7199 v Boo] BILSE T G3E Al ne] FED
T NG S 9or, FA Ak At 98 RS At 255 49 Gl
24 877} SopItka olah & % Sith

FAlol: Bl HB A FF EdE vrovx 3 vl A A3k

r°“

_{
o
Y
>
© N 1810 do T oox oSt

R & A% on, A9 Rokel AEASAA 2AS

FeIE B, olsh BA, ANASE AFDH A
£2 Tl oo Aol 2] ARG TE &
2SS AFNG HulaE Fola] oldd  HASdA doelE gue 34 4R }u}a
2840 H2se e B AR BADY. A 9n Ak Aol Folg AFIG Al fﬂ
A% AT AU~ Pl AASdA AY @ 712 FRAAY, ol Hasd] o &

o,

EF0Y: 2016. 1. 8 38 (14 2016. 4. 22) ARi=tEd: 2016. 6. 2
*E e Totgta wld ] A st ATHAS



o
T
R
A=)
n)
e
2,
ol
_E

Doh and Hwang, 2009: Liu, 2006).
2 71 39 995 7S LK) S
o) zulARHelt 92, SNS AeHe F2T 3
e 52 B4 Aoz Atobseh(Liu, 2006
Trusov, Bucklin, and Pauwels, 2009). ©]& gt
AdoA L AFEC] § 58 2Hghe JERES
A4Sl TALEE 22U £ A SA
ool shart, 2, o e S
Ao @ 4w g gt

(e}
dha, A4AQ B

o=
=2,

\:O

1502

M F2Z(Google) 2 2 A%
#Ag dlolelE dut tiFE
o oA"Y, HAF
HA
9}‘3}

T3 }AE}(DU and Kamakura, 2012; Goel,
Hofman, Lahaie, Pennock, and Watts, 2010
Hand and Judge, 2012: Hu, Du, Damangir,
2014: Jun, Yeom, and Son, 2014: Kulkarni,
Kannan, and Moe, 2012).

& AFdME vl= g3t Al LEAEe 4

B e gedt waoux At #AE A%
At} gt ke EAQ AEAEA d)
& B oAM= FEY FAE 535 of
Hohe 5740 At (Neelamegham and Jain,
1999). o|& <lall, &HAES g3t dF o]
ol¥ J3t& & AAA, A4l EJJ} at= st
P d 42 7L lER }~o}71 el

G2 A BEAY BAE Fase 33
(Basuroy, Chatterjee, and Ravid, 2003:

Dellarocas, Zhang, and Awad, 2007; Eliashberg

and Shugan, 1997:. Elliott and Simmons,

2008; Hennig-Thurau, Walsh, and Walsh,

2003) g gkt 2 AdA e A 2]
o

do] g5H o]k I FPE AMAHT 5 3
D}—t— EAE et ARAEE 93t #dY o]
ApLle] s o2 vk AU H 271

HASHAT H4sA mM5E 20164 10¥



A3t vme 2% dn 5

RS 11 oy s .
e <0 o
B ope o AT i Mo X B R ) 1r
HEQ%#.&ﬂﬂnﬂi LT SRR RN
—_ X B . X . _—
Wﬂaoﬂﬂrw%mmwr@ro?.E@@Méﬁ%i@&JWMurmmE_j%ﬂnﬂ)
@mquwmyﬁwaqﬂ@%Lauwm@%Wg$w%%ﬂaﬂm
‘l,LloﬁE ,H‘XIAT.HD:AW.X,E‘L,HOIM_O4‘_H‘VI‘HWO‘|,,‘_|.ho<|_‘| ) - =
— X N S E o= S rm et BN oo o E X S W oop 7 S
mﬁ%wwmﬁ%Jﬂ@ﬂ%ﬂﬁﬂﬁr%%ﬂ%mﬁﬂmﬂx,ﬂaal_.%ﬂoaﬁﬁm
%fxwo:ﬂe#ﬂmurﬁ.lz%@9mﬂmno% :umo_aﬁhu%%%cﬂmoﬁo%m
ﬂ%&ﬂhxgﬂoioﬂrh&oﬂmﬂqwﬂn@7aﬁmﬁ§m;$~ﬁnﬁ$Wﬁo@oEA
S R = N o) KO T oo O —
ﬁavewvﬂéﬁ;pm@agwamyAfﬁomému;iy%amﬂ@%m
L_L%wuidoaww_uﬂﬂﬂﬂﬁﬂomoiEhwxﬂaiﬁﬂE_z_ﬂEowr.ﬁo%%uﬂom_mwa
i ! B o — i o 7T - N CY N~
x OB o .ﬂmﬁhkﬁaﬂo@goj .oﬂrﬂ_ufahéndimMz_nﬁdrA = £
ol i of X 1y NI ShE- K o W MG S m oo o X =g =X Hm‘ g &
ﬂﬂ%iém A_%m%7ﬂ%§wﬂﬁ% ,}d.gw,moxﬁmﬂmﬁ@oawM
8o ~ == e ) ,|\),|_/ — o O ,l,l,.%o
op o FOH A o ,4}_ﬂoﬂ}m9uﬁotu_m,mo%awﬂLWMAA%%&
' " . Bo T mr XN | UM T Poar = | Fo R o O A
Eﬂa_drlaalmoﬁﬁoa_.%:w%%ﬂwﬂwﬂfrW]ai?%@]ﬂé%dmﬂ
@?@ﬁwﬂmﬂwfm@&oamomﬂ@c_ommsoﬂmn.%(i,uwucﬂCSoI_EMﬁﬂoWWumoﬂmﬂ
o . o T~ = ) <
%QQ%%EQiai&%ﬂwa%mﬁﬁg?w@%ggaqm%%w
7.0&1%%angﬂuﬂdmmwm—wﬁ,__i‘ﬂﬂmoﬁﬁod ,W_-‘.M.OM‘L%%M dﬂLtﬂql__/I@EDJMAII
= o AR o oy I g A e dro< XmM:_oJElﬂEaﬁnﬂdl.
= B T aﬂ%ﬂ?ﬂm‘i%ﬁ%?%u.%mﬁ
mﬁwowmdl.ﬁmﬂﬂo@%%1 TR RE T
aﬂ,LomMoo_aauiaudﬁVmﬂuﬂﬁﬁolﬁy
= - ]ﬂ%x&hﬂ?] =0 G N
o 5o S W ﬂﬂ%éﬂdﬂx%47ﬂ11
oh R o 2 o X% o T o WK
@Wﬂaau_.%mﬂ%%ﬂ ,xoﬂoﬂwmgumno%;:ﬂ N el
ﬂlwﬁﬂmnﬂ%ﬂﬂnunﬂ%o.aooaﬂﬂﬂ%ﬁmwﬂj W_r_mix
%aﬁ&ﬂﬂm%ﬂw%lwﬁuraréL_L%L_L%%mﬁmﬁ% 3
ﬂ:u%%?c_a%z%a I M ™ B o Ak
m_|.%ﬂ%@ﬁﬂﬂﬂ@ﬂ&ﬂmﬂuﬂﬁuhim@a# 5=
o RO .ﬂo%mﬂﬂ%ommﬂmix@ﬁ%mrﬂ_h,_t_/ T
H%ﬂ@i,_%hl.@dr. ﬂors%m%ﬁr I No =z
o ~ ©] o N T ) o oo T o WA = B <M
plo X LA =, o B = =K U )2 X
= M o o N b _,o_qo;_%]qzy on G |
o_ﬂooTVﬂx WOMM%_%H_.]Hd«o_auwdr‘z%au% um @P
T T o _ o XN o — g 8 N
Ww%mﬂn.uu:MMTM%moﬁoﬂﬂmgnﬁTmmooﬂohﬁﬁwoﬁaﬂ%ﬁk 5l m%_ﬂ
SR B oL TR ﬂaiu«‘/@_%y%%xa = op
o S o %o mo N — . ) il
0RO E o) b 5 = " = = 2
ELIHAEJInno T © Zoﬂ,.u.o7ol.7,clq R = 10°
FoETzesl pws Te o ") = T T
™~ mw w wm = O Ko ) Mu o N o4 N mm S m¢ B m. T mﬂ KIr ki 5o
EEEooﬁLlldﬂ.MﬂMﬁMﬂoaﬂlﬂﬁUHT.ﬁﬂLVoaL Ll ol [5) dﬂﬂ
no}%oaauﬁeran%%l_z.o_eﬂdr% T o W N 1] B Moo
.fOL‘m‘bﬂ_l (o) =) o ‘Ll‘lr.mvl,l_lllu\l — L E#E :.LO go
) & ) o ) X o < &R o) ° R = 1) oo K folo oo
oo TR wa e e P ) o ki . X
UZ,wﬂﬂ\#b.#ﬂﬁﬂmu;oLdﬂATC‘mﬂo]doo#ad.ﬂ‘A ~ ol oy
oF W W omn o = S oo Wr 30 }//u oy
KA o m — — = %
N O_L

1503

T ®M453 H5E 20164 10¥

Stoq

=1
EL

4

740
o



A7t SAel

Aol el

(2007), Rav1d(1999), Wallace, Slegerman,
and Holbrook(1993)& &7} Zk= AF-4 714
g =2H3e EAE FE 95U, Basuroy,
Chatterjee, and Ravid(2003)3} Eliashberg and
Shugan(1997)& wH7159 H7S AZdlsle=
WAE Bkl

0|3, ¥

e OJ:[LEO] 1 S Ea
SRES e AT

Aed F53 Ad7= BA 234t Dellarocas,
Zhang, Awad(2007)¢} Liu(2006)% 22 A+
& 2HAEY FAYES S48 Asl 22l
2o 7 wabd & Mgkt vk ik L
and Cha(2012)= Bass &<
oS el LHAEY +H
7] atgint. 1evt, anlat g
2 g tigt dFEE A A= O]'Z'I 7]
W7 28] §A gk 53], aHxEY] ) 2%

B 47

3

PR D

QOo|E2 ErA

rr

Lee, Kim,

o o
= O

)
=N

HH A Aol & F = HE G gl of
g ATE o "B & 3‘E‘r AFE ©]
glgk aH|AEe] HE g gFo] WAoo S
3 Fagtk agle] 2 F o= é%‘é}iz} gt}
2.2 QlE{ul At AE Amfof| CHSE o7

ZA dEY 71&3 AREZS 9AE muid
71719] Aol 48] LEeiAM AHAES AlF
2t} Alotell A Blojup AHrEAl &2kl HEel A
=8 g g =l aHAEe] EY HepA
(browsing) 5 A W& 71Ho 2 A2 s =
BF7F kel i, anjakEe] A AR oW ol

1504

_o|£
rr

A A3 ENEE sokshe ) b
417} SPel= JM de 71&9 nH|2
i3 dlolE 7t EAskA A

HAEol 54 dojut
dolHE 8 %
S AEo] w2
E# T (Google Trends)
H A2 54 44 719E
A Ho|

-

3L
[¢}

=
[¢)

§el 0:28] 1004119] oz Bsle] BRI

2 Bde olEs} AU 2HA5e) o
Heo] e Weg oy AR
= AW At A2

1 OMXh 3

gyl 2

ttredge, Gerdes, and
JJr AAz Aol g3t A
3 Ulil«l d e Y
. Vicente, Lopez-Menéndez, and
Pérez(2015)= A% dlo|lHE £ ARIMA
(autoregressive integrated moving average)
3 Aer sAA AgES 1

Z2HE=

AlAE o

A 2 Eﬂo]ﬁ =HEw

OHﬂ



QlEfUl YE AM ST 3 S| dutelol ohet o+

o o= FFAo] 5~20% 7+ I F IS
Bl Li, Shang, Wang, and Ma(2015)= #
A dlo]He| Mixed Data Sampling 23< A&
gt} F=] aHA B/ E A58 F e
22319tk Wu and Brynjolfsson(2013)2 #%
A A =g tg A4 HolHE HigeR

d

lehe] ¥E2 M4 % £8F ST Da,

Engelberg, and Gao(2011)& 72 EH=E v}
gog BAAEY e AT  de AFE
et e FIHE dSete REE AAGH

%ot Bank, Larch, and Peter(2011)& 5% +

AN AN fre8T F9ES, Viastakis and
Markellos(2012)+ NYSES} NASDAQOIM +
7PAEA (volatility) & o238l d +2 Edc
tolE & &-&st3irt.

Il Al o] theket Abs] AR "ﬂ%é}% A
78 & dte A7) oloA|
woF] ?i:rLZ} =< :rL Edx= H]O]EVP 5778
7

il

s}
5}
3T
=

fr ox o& I:l:l

o #AZ 2] "]Zﬁéﬂ‘ﬂr Jun, Yeom, and

e 72 Ed=E 843t a9 o
B & 2gate i3t F2E dSetiet, stolB
gz A7 Ve AAE 9vlst= HEV(Hybrid
Electric Vehicle) 7} 719 =Y wol= d&2e] ¥
< B g EA BAleEwel e (Prius) 7t
7]041:01 u:Ho]] ]zqoi Torqa cﬂZEi.Q. 501
< 8. Du and Kamakura(2012) ¢ Hu, Du,
Damangir(2014) =
Factor-analytic Model# Dynamic Linear
Model& A&3to] ml= Al A JAHY HA &5
ol AAl Azp Fujz ofojR AFert. AEM
A e dE AT A B AT I
A E T o]

Z+Zt Structural Dynamic

ol FEel F42 7haetr] ofele

AASIT H45A H5E 2016 102

BAANE tFe 457 B3th Goel, Hofman,
Lahaie, Pennock, and Watts(2010)& 3l
Me A FL 53, v Ade 24 A 2 dAvf
. =99 1EE 100(Billboard Hot 100) AE
AL dSste vl el A ko] ARAQ Ag
& & 9122 B9t Hand and Judge(2012)
F= F3pA g L3t HolHE HiE e E QIHY
S TFAZOZN A 52 o5 299 4
ol g2 s ol vk Hand and
Judge(2012)7} 43} A% A9 F2& 5ok
dloll %3 ¥, Kulkarni, Kannan, and Moe

N

doy o, mlo M ogi

(2012)% 72 Ed= HoHE 4 /Y Jsel
He) 43 oSk RES AL vl BAL
%3 9tk o] AFE a9 AR A A4 B
HE HEE AE 54 WSS Do A%
3 %) $9 28 5 98 v

QAKS aE, e A
3 AZg AATE o] 1 A4E 1
A HEE Aolekn YA ojFn A%
vhsh 2o], QB A4 BEole 54 AFo]

5l
B2 g o) %o AH] RS ABaAY o

>,
E
>
o
O
5
O
E
o
rot,
lo,
i
L
‘_ (-
lo‘g
° 5
2
30,

39, & e ad 25
w?— o}h 99 wee A99% 5

fol,
lo,
=2
e
12
rlo
(o]
sand
o
&
rg
=)
rL
%
il
N
X
i
>_\.L
_©,
L

1505



133

=

pud

gt HA, A

sfjoF

Rl

)=

—
o

oju

=

MNadE

g}
=

o
=

<]

1
T

al

O

B

o
<

R

s

%O

!
™
oy

o

-
jant

zAdA HEY oz,

1

o
8l

<]

AA WHEA (internal) FE g7}

olJ

- 3
T O

3t

wir

and Olaru, 2009). W54 K &ao] 7]Qle] 7]

1
.

o}

Aol Z(prospect theory)e] W&ol Hltjo] B,

)

§ Adleke

g0l 0] (gain) Ht} 4 (loss) ol ©f ¥4t

G

)
%

]

S
o

]

L4

7
7h Ak A

]

Ho=z 2
P
A ¢

T
e

E

9
o

]
Rl

=
L
\=)

-

]

R

;ﬁlo
]

‘;_i
e o

T ®M453 M52 20164 10¥

QIEY
§|I-01

q

7Hevaluation of alternatives),

4) -7 A% (decision to purchase), 5) 77 &
7040

by
o

}

o] W™ (face-to-face) #AFYA IS

of 3o 2% gL AA 1)
(problem awareness), 2) AX B (information

=

Pl s An g o)

A = tH(Hennig-Thurau, Gwinner, Walsh,

o]

ZH] A}

[)
&% (actions following purchase) &2 ©]F0%

L g P = Bl ol Rl O S B o e v R R B

and Gremler, 2004).
o, g wEt oAl 7EA] 2y F 2

search), 3) ¢

A
£

HLe
=2
o2}

=
=94

7Hd el AA

L

T

ol 2}

o] AFoR Pl e
SEFERESEER

A

A 8502

1

o
8l

T k. mebA,

1506

<]



17] <

°

o}
o}

5}

1o
=

o

o A
320 o

=
=

ZaH] 2}

™ A

H;&i
Hﬁ_
<

Em
R
Wooiﬁﬂ%l
nni\m_moﬁufﬂyﬂ_wm‘_ﬂw
Aﬂﬂ.OlnAn_.JLP%_;ooﬂolr
ﬁuﬂoﬁué Ur#VE
ﬂAzTﬂqq ﬁuwﬂga
i L,MJ%AH.*um_l,ﬂAI_HﬂA‘uAI.‘I
‘rluo_b ﬂ_H\Llhrl *Jlﬂvl_/
b o2 5w o & -
o o W °’ a3 ° = 2
oy X ol 7 o "o AW 1))
ﬂewﬁm&mﬂ 17rooo:d|. Do
g.g1Aﬁ£ﬂﬂT§%ﬂ N
EOPL ,.%U_E,Iﬁo,wﬂﬁo? LI#JI cy
U N Jl ~ % iy XA inY —
1@<¢h_34$314 - Y
el p‘w.;o oﬂ_xPoH_Lo q“m-u L.oﬂ&ﬂ
Eﬂngoti}gaoa | 5 zﬂ%ﬂ#
tx_l_l‘w,wwo;o‘jq i el . B HLX]
:E,olwq.ﬁom&uuvwﬁoﬂ o]iﬂ/l H..ﬁw\_m o_a@pfdxﬂﬁomﬂ
?ﬂADﬂmﬁ\MTé?lqum‘_ ﬂoﬂ% duwnio_enyr&eﬁo
erMmoWWﬂuMeﬂEﬂMm% ﬂrnﬂﬁ“ ﬁo%ﬂﬁﬂoﬂmmor
e —_—
I m%ﬂﬂzommﬁﬂim ﬂnmfor Mﬂaomnmbﬂﬁ
ﬁmﬁmfgmwavuﬁﬂow miiﬁ f&_fm 7 b
- G n_wﬂa/élLulc._ox_l 7ﬁ,| oroﬂrﬂNﬂA s
Z_yr Hf.mﬂ éﬂoau 1r¢|o ! E o dﬂ,o
Lull ,Momﬂﬂﬂa 723:&0 ozoxoﬂau,_faov
F 1#.}@” g ~ o w @ETHEO
=0 O‘HA.IHLﬂAW‘_Aﬂﬂo,UF. m,l__/IaMo nnoﬂa o,.mu.A
E#E oW = = & o5 7 C..w = R O_E OME ,nl.v._ﬂ_l . O#E
of T 17r‘|1r@ﬁ Lﬂomﬁ ﬂuﬁoaugor%an
Ho 1H il ol < = o) = i o fmat ol o o = i T
IﬂA ﬂ.u,._.l_lﬂ Eo%lﬂa —~ EJ-,]
ﬂoh @ﬁu%f%] ~ ;.uﬂ;ﬂ L_Lﬁ
Jod_u ocurm@i]%og ,ﬁﬂﬁ_zgﬂ.
J Bjo Luﬂ_su%caﬂ qndgr Jodﬂﬂr
mnﬂu ﬂoﬂumogﬁuf@ gﬂ_f wgdm%mﬂ A,_mM
(el il = Elé bl s .orm« )
ﬂoca = B0 Eﬁdﬁ@ﬁ]@ﬁ% ulﬂlwﬂr;ﬁgeo
= mP w = cﬁ =) X iz = mw = > 3 = 21 K < N S
! ﬂf 7! o X i S T o i qm__ B = x o U ~ =
j.ﬁodrmﬂﬁuEﬂrmﬂo%oﬁﬂﬂn%nmﬂﬁd«ourm AN
= W i ol K- o M o o ) il ol rH o R (- Bo ﬂ% o _
JI] f \muA_l,Mﬂ‘w Jﬂ_ ™~ Lf Jﬂ_ o EE En_ = ~ o E.._ ‘,:. #E q‘:AI -
qﬂ.wwa-ﬁfwm,ﬁﬂﬁﬂun_xucﬂro}iﬂnoauoocaﬂ._QH )
ﬂn%ﬂi%é%@ﬂ é?%@%oﬂé;?ﬂ]% Mgo
ﬂﬂ]qLoﬂx] ﬂﬂm Hﬁﬂﬂeruﬂ]doﬂ#_kﬂa
oR o %o ~ ~ X i i LZ.O <0 o o R ~
mﬂgo @ztﬂ]wuli . zon_rm\on Q%Vom;_.
wvﬁ.ﬂ.a.moqwo.ﬁowwgauﬂmm&h.%zoiﬂ
_aaﬂﬂ,olLﬂﬂ ».ﬂ_.ouiﬂm ?ﬂLca1ToVIEEWﬂﬂAo%HﬁToLﬂ7
aﬂa%m% A;;ﬁrmﬂ%yﬁuﬂaﬁwﬂw;:eu
%7aao::uu7m?mmwu-u@ﬂoﬁﬂfmﬂﬂoﬁ
M7H@ﬂ£i :,_ﬂ;uﬁ ]ﬂoﬂﬂzoob‘&
’ L_Luu T}ﬁ JGJZHHWE g
o 3 g@%qo;@ __OHEZT
£ }a;u XQ_ELH71?7}1
Smﬁgm#ﬂgaﬂa,mlﬂmoﬂa%
a%qu%w%Lm@%ﬂmm
zfﬂ%o ,imm,ﬂhoﬁuwwﬁﬂ
E%%ig%gﬁmwwi
edu...ﬂ.q]m_/uv_n_om ,HAT_/I&‘/_
Amrﬂno;%%m
?@. 4EO
703.?1..(2\
L&JM1
la
-~
[<b]

3f

9

1507

v
Oﬂfd Zh‘l_o/] "

53 o
k)
2 7153hs

=T

q

gl

7] 3L =
=

7 o
| =i e
OO]

513

O;

o mA]

=
H4bH

2 H55 20

164

4 10¢

1= 7
ov?-]:
_ 2]
1o F et
al. (
. 201
N
S

5hod

o]

EL

4

Ao

3



0|54 - X{ZHA - ZME

4 (quality), 84! (commitment),

Z(loyalty), =%

2E (Trust), 9IA1E 7] (perceived value) 5l

Atk (Matos and Rossi, 2008). o]FX = 1.7
Zo] AF 7AYo 3HAY dFH = ert

=

AF7t & o|F2 Adth(Babin, Lee, Kim,
and Griffin, 2005: Brown, Barry, Dacin, and
Gunst, 2005: Heitmann, Lehmann,
Herrmann, 2007; Wangenheim and Bayon,
2007). &HAkE AFoly Mu|AE AnE uf #}
Aol Z1gd A o] o] A2 AFA HW vE

and

oA olefd FHAR AHL oloprlgtast st

T 717k B o g 2]l Aol 74 3

T2 A QzloA 719 s Al A FE A2t

T A%t ditdolng gl $ HHE g3} By

g 7Hd e ot 2ol 71ed S A

W 4: ZwRe] AEd fE BERI} 252

FEA gl F P H A o]
Eold Aeoltt.

Il. &% &4

3.1 Az 4

SN AN G IS AFEAE] S 2 o
Faage] 42 Hele

)= GEAS AT} 2n) FRCNAM AA S

=

o

a'c

BE ARete Aldola, 45 24 283
F@ delHES AlFsta 7] Hzd & A7
dom Adsitta & & 9t 59, & 47
A AT iRl el A PEa dEd JF
HlolE1E & 5a7] aiMe 72 EdECA A
dhe Qi oEd 4 Hel gk, 2y, vls2
A divyre] =7t e 22 A e A

drlel Hfgo] wot 72 EXE HolHE &
= o] o 47t Beh. 28, S0y @
I 2L AR ke Afrgel w2 A4 <R

A (Baidu, vlol¥ S)ollA A4 g8 & A2st
ASE slou, duklolA FAHA gAY

9 (weekly) 2] dlolgut Algaths A Ho)
(Li, et. al., 2015). ¥, F2& 13 A4 A
lo] 78.58%% AAskaL slom A%E 713t el
AFE AFstL ] Wi, 72
125 vt 99~ Hlolg
FeAd e WEsta glok)

)

0]
A

(o ax
e,
102
o
X,

CoE g

&
=

oo ox oy fdr e Hiop & X ol 2o g Ol
_O'L
=
o
o
rr

N

e,
X0 uE
e b
>

e
1%
o}
>

B
ofN
3
M
rlo
DO
(@]
—
S
(@]
e,
=R
o
N,
MN
o
i
DO
(@]
—
W

(L
)
DO
(e}
—
S
L
1o
=)
H
e orm
N

JE
[~
fo
T
[
H
o

S

—_
o
S
i
Jju

o %

il 1)

2A9 % AHUT. 7
AelE 2 s

1r ull
o lm

35}

Z
_’_

6o] A%
£} A

Z'
o &

) Jle réz

Y
o,
o o
2
:L
—Ll
U
m
v
i
=
E
-
S
i
N

ot
2
ofr
ol
s
o
.{

O
—
(e}
(@)
>~
>
o
1o,
=)
O
HU

1Z}7} ﬂHﬂ

rlo

1) 20154 39 7Is, £3: http://statcounter.com/.

=
o,

1508

HASHAT H4sA mM5E 20164 10¥



QIEY HE AM #Fat

o

EEHE FEs 2R EEo|t), v|ae
HES W F3ke] FAZRI Y vl &S
o, g ol A Tk )
(post-production) 2 714 ] fJﬂ‘?%‘ Ql A2
(production budget) TFEYo] FHA 2 AFE 1
Atk Ravid(1999) & 93te] T &5 AAtst
= A AA FAFREE oA ZH o vlEE e
2 37 7Pgska ok B3, Vogel(1998)&
1987dFE 19967H4] = 9559 Hd
A A o Ft wA” HE-E ALtel =, v
g v &2 A3} 3% oM £A 2 39%
TR AC R YEkt, 5, nA" H& &A%
Hlo] Hlgshs ekl ltta & 4 gleug & <
= H]Z}ﬂ TR g5 =2
HFR AHEE Zlolg. AAY o
< AR o g WA P anR SR o
2 adste] B4 A ALY (Dellarocas
131‘/}, YT FHYAGE dnp
7
B

]om

[¢]
A e 3l

‘;.

Hrto| AP A E et
AT E imdb.comol| A
Aste B4 A3 & Jgﬂ/\,] 2o Ao

J 1T 2<% Ig o e

>
i rlj
Jpy
ki
it

(o)

N g
o,
o
2 ©
:L

TE B
/\1 49 deisE aeEol $tith(Deuchert,
Adjamah, and Pauly, 2005: Nelson, Donihue,
Waldman, and Wheaton, 2001). A&7} #7}

A 549 dHrE g AFd vgEA=,
]‘*’M] TN vErEe] A His Wt
= 4571 €%t (Elliott and Simmons, 2008:
Reinstein and Snyder, 2005). 13}, &2 4
I A 2 ke A9 I T Ee] A

AASIT H45A H5E 2016 102

st S@of dutaiAlof ot A7

ZHg nefeliol & et sleng B AN
rottentomatoes.coml|A | Fah= Tomatometer
£ A&7 Fr12 Hessla . Tomatometer &
N Gstet #EE A e v Fo A
A Bk WE Mgl HEE orgt. vpA e
2, Y 239 s od S 9FHE A
7] flal ZFEAS. A e Aldd ddH T
i B2 o] AdHE grsl-ve 434
2uzke] e AR Bt oYz, g3t 2
hulets Alads 3% 7Bt (Jedidi, Krider,
and Weinberg, 1998). (& 1)& & 7oA At
S8 WS e Ayt SAo,

il

3.2 J&IX QIntaA|(Granger Causality) A%
e dlolel o] TAA A A 5699 Gt
el o FA gk njEd o] Wl S0l S AlZts}at
Aot (2" 1ol 223 (Transformers: Age of
Extinction)®] oAl & 4 xo], i 4
JEL QY AdEY mEd BT o3 Fdd
14 (peak) & @43t A7t Haeste o
< Holx v ey, agEntore
o] Mefot=x], FPsh=AE
= ?ﬂ?% ”411 M gste] 9 ANFY &
~(cross correlation coefficient)
=) ﬂl*&%‘ A T WAFTe] JAE Bt A EH
WG RATFE A 719 AAFH ¢
719l UHZOH(GTtQ’]‘ RMy), t-171¢] A& £7]¢]
W ZH (GTe 1 % RMy), t+1719] A2 t7]19] wj
Z9(GTy+1 ¥ RMy) & Al 75‘7"—01] il AlakE ATt
5 & DAA napddAsE destdn. (75
3# 1ol Eag npe} 2o, GT#‘r RM; Abel9] 73
o] 7} w3 (H1 = 0.9357), GTy+1 2 RM, A

S

oX,

1509



W 2 24 A
T2 Ed=: GT E3 717 Bt N Gt gk 4 AAFS 05E 100 Aol g
(www. google com/trends) Atalet &
I3} mj & _ _

AN Fgte] 49 nj=d (L)

(www. boxofﬁcemOJo.com)
AZ¥: BUDGET N Fste] EAKH R vlg vlAE B]E-(Print & Advertising)<
(www.the-numbers.com) A gk (Wer &)

B HET VSAT
(www.imdb.com)

deu 9 S AE: NOM
(www.imdb.com)

M Gstol] tig w4 FH FF (108 )% F BH 72 Fo @

ME Gst g elM QFE 3 S 5

87} H7v ¢ RATING otjolo] FAE NE G3lo] e AEI} HE F FHH FrE -
(www.rottentomatoes.com) Hsgel HlE (%)

Hd ~3d & SCREENS
(www.boxofficemojo.com)

A8 gatel 9 A 239

<Transformers: Age of Extinction>

100 45,000,000
90 40,000,000
80

35,000,000
70

30,000,000
60

25,000,000
50

20,000,000
40

15,000,000
30

10,000,000
20
10 5,000,000

0 0

1510 HASHAT H4sA mM5E 20164 10¥




QB BB HA $ST Yt Y| ATA thet T

= 0.8927)°] GTi13} RM, Ate]

o] g (% TE = 0.6523)°ll Hlaf sl 2 Ao
yebstet, o, & FE A B (GTy 2t

o il P A A0 WA AT, 3
W@l foI@ Aol7t deAE A

SFE T—test—% él/‘]d 9Th A

o olo
O
(e}
—
o
x
_1
re
-l>
1o
o
:Ll
§}L
o
Pﬂ

df=55). Z od Zi*—ﬂ%h njZd 2 E3P3le 7
Aol 71 A, AAFo] WEdd] Yl 7
o] A %ﬁ% AEAETG it & & Y

J = 7Hshe

ANFAAA HA S &g =M A gko] wf

7kl ele] E = YA, S ujEde] 4
7ke] 9]lo] & F =l .
FA AL sk AAIE Mot o

=38 & Jexg e A4

co] AR W Ale A ()3 (2)9] FH

9] IA %k (lagged values)E°] £

ﬂz‘ﬂ:?ﬂo] Exﬂﬂ h:,Hoﬂ}ﬂ Z=4 %

S

o ¥
o
= 2

i

Hoom
s

as=h
R U
Tox s
2
= 1o,
N (o3
B
oY, 4
o,
rlo
> mlo
@
=2
=
g
é
o,
[oN

o
i N

N
HN
l-m
£
=
-
N
=
HJ
rin
ruz
oL
.
¥
2,

ey
l

£ J#A-F=(Granger-cause) 34 &

AR/ E A Bn.

qr ofN 2 oft g 4y rE H ood (B
B e

g o

Vi = 0o T aiyg-1 T anyeon + Bixeos

oot Buxyon t o8 (1)
X = Qg t aXp-1 toot aXe-n T Brye-a

Tt Bayen Toue (2)
Br=B==8,=0 (3)

AE 3t 56 A HAE v gt
A A AH Ao (FE F 2 3
Aok Akl wiEd g 2A-3
AF7Hd el gt p-valued 3 23 56H9] 3}
Z p-valueZt 0.05 °]ael gsh= 33H(59%)°l

1 ol3kel Ysh= 369 (64%) I}, T3
njEde] AAgS JdA-Z2eH] dethe AT
W dalA= p-valueZt 0.05 ©]skdl Fsh=
37H(66%), 0.1 ]38kl Fsk= 449 (79%)l &
Jot. wAFAATY AR, el F F 8
A AR (quouo] AMEE TAlA -2

=

)
4
N
o,
R
¥ Sy M ror §S o g ol

ool o &
o

el Fase Aol e
Adere Aol A4ZANT BRH 3 F84e)

AR ZAete 7P ehe 7HA27E AR H A

_,d
NZ:F

3.3 &l7izA Zap

o o] doly £4& ol g3t g 2 A

2) AASIQe] 2ol wet adlA aAA HAe p-values

HAStAT H4sA mM5% 20164 10¥

FU5E e TG 2A2Y AR 23RS (R AN,

1511



SeA 9n, 44w 9aE 54 Adnde 2R vis
FRAE A AR R B A1) A wAYR, O,
=

ol ¥ dettte 43 A, 2] & RMp) 3 AR BB &4 73304 (17] wlefete] o
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# A3t A= GTi1 & RM GT, & RM; GTi+1 & RM;
1 | Captain America: The Winter Soldier 0.5509 0.8965 0.9197
2 | The LEGO Movie 0.5833 0.9404 0.8612
3 | Transformers: Age of Extinction 0.6579 0.9151 0.8791
4 | Maleficent 0.6572 0.9515 0.9049
5 | X-Men: Days of Future Past 0.6947 0.9303 0.9343
6 | Dawn of the Planet of the Apes 0.6920 0.9544 0.9082
7 | The Amazing Spider-Man 2 0.5756 0.8995 0.9226
8 | Godzilla (2014) 0.6363 0.9414 0.8991
9 | Teenage Mutant Ninja Turtles (2014) 0.6630 0.9530 0.8909
10 | How to Train Your Dragon 2 0.6701 0.9380 0.9109
11 | Gone Girl 0.6029 0.9235 0.9063
12 | Divergent 0.5242 0.8749 0.9256
13 | Lucy 0.6933 0.9586 0.8794
14 | The Fault in our Stars 0.5363 0.8799 0.8502
15 | 300: Rise of An Empire 0.6040 0.9084 0.9334
16 | The Maze Runner 0.4916 0.9015 0.9095
17 | Noah 0.6469 0.9500 0.8983
18 | Edge of Tomorrow 0.6542 0.9393 0.8873
19 | Non-Stop 0.6357 0.9346 0.8404
20 | Annabelle 0.5543 0.8944 0.9091
21 | Dracula Untold 0.6280 0.9352 0.8810
22 | Into The Storm 0.6733 0.9609 0.8714
23 | The Expendables 3 0.6742 0.9605 0.8676
24 | Oculus 0.6028 0.9132 0.8920
25 | Transcendence 0.6310 0.9580 0.8475
26 | The Hunger Games: Catching Fire 0.5791 0.8852 0.9153
27 | Tron Man 3 0.5985 0.9361 0.8974
28 | Despicable Me 2 0.8023 0.9713 0.9095
29 | Man of Steel 0.7073 0.9581 0.8889
30 | Gravity 0.6525 0.9120 0.8836
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(A1)

# A3t A= GTe & RM GTy, & RM; GTi+1 & RM;
31 | Monsters University 0.7650 0.9768 0.8919
32 | The Hobbit: The Desolation of Smaug 0.6377 0.9265 0.9061
33 | Fast & Furious 6 0.6694 0.9237 0.9287
34 | Star Trek Into Darkness 0.8170 0.9706 0.9030
35 | Thor: The Dark World 0.6030 0.9153 0.9283
36 | World War Z 0.7285 0.9728 0.8839
37 | The Croods 0.6938 0.9735 0.8594
38 | The Great Gatsby (2013) 0.6997 0.9498 0.8650
39 | The Conjuring 0.7076 0.9451 0.9210
40 | The Wolverine 0.6876 0.9491 0.8969
41 | G.I. Joe: Retaliation 0.7756 0.9564 0.8940
42 | Cloudy with a Chance of Meatballs 2 0.5784 0.9696 0.7995
43 | Now You See Me 0.6879 0.9585 0.9108
44 | The Wolf of Wall Street 0.7058 0.9005 0.9039
45 | Lee Daniels” The Butler 0.6684 0.9410 0.8414
46 | Pacific Rim 0.6983 0.9473 0.9176
47 | Elysium 0.7077 0.9702 0.8810
48 | Oblivion 0.5949 0.9278 0.9221
49 | Insidious Chapter 2 0.4469 0.8696 0.8993
50 | Turbo 0.7821 0.9430 0.8611
51 | Mama 0.6147 0.9285 0.9148
52 | A Good Day to Die Hard 0.7914 0.9757 0.8744
53 | Warm Bodies 0.5126 0.8889 0.9134
54 | The Secret Life of Walter Mitty 0.7531 0.9569 0.8686
55 | Red 2 0.6779 0.9336 0.8884
56 | Riddick 0.6495 0.9546 0.8901
Mean 0.6523 0.9357 0.8927
Maximum 0.8170 0.9768 0.9343
Minimum 0.4469 0.8696 0.7995
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GT does not Granger RM does not Granger
# g3} A5 Cause RM Cause GT
(p-value) (p-value)
1 | Captain America: The Winter Soldier 0.035 0.027
2 | The LEGO Movie 0.000 0.000
3 | Transformers: Age of Extinction 0.000 0.056
4 | Maleficent 0.185 0.000
5 | X-Men: Days of Future Past 0.014 0.002
6 | Dawn of the Planet of the Apes 0.000 0.347
7 | The Amazing Spider-Man 2 0.006 0.081
8 | Godzilla (2014) 0.000 0.000
9 | Teenage Mutant Ninja Turtles (2014) 0.606 0.001
10 | How to Train Your Dragon 2 0.005 0.256
11 | Gone Girl 0.128 0.241
12 | Divergent 0.260 0.135
13 | Lucy 0.025 0.024
14 | The Fault in our Stars 0.152 0.065
15 | 300: Rise of An Empire 0.430 0.054
16 | The Maze Runner 0.006 0.000
17 | Noah 0.182 0.025
18 | Edge of Tomorrow 0.041 0.243
19 | Non-Stop 0.001 0.000
20 | Annabelle 0.245 0.003
21 | Dracula Untold 0.256 0.563
22 | Into The Storm 0.184 0.139
23 | The Expendables 3 0.086 0.021
24 | Oculus 0.060 0.240
25 | Transcendence 0.000 0.262
26 | The Hunger Games: Catching Fire 0.000 0.000
27 | Iron Man 3 0.019 0.001
28 | Despicable Me 2 0.036 0.027
29 | Man of Steel 0.000 0.003
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(A=)
GT does not Granger RM does not Granger
# g3} A= Cause RM Cause GT
(p-value) (p-value)
30 | Gravity 0.000 0.417
31 | Monsters University 0.000 0.000
32 | The Hobbit: The Desolation of Smaug 0.189 0.000
33 | Fast & Furious 6 0.049 0.068
34 | Star Trek Into Darkness 0.063 0.031
35 | Thor: The Dark World 0.946 0.004
36 | World War Z 0.000 0.000
37 | The Croods 0.026 0.002
38 | The Great Gatsby (2013) 0.001 0.000
39 | The Conjuring 0.009 0.000
40 | The Wolverine 0.006 0.012
41 | G.I. Joe: Retaliation 0.480 0.054
42 | Cloudy with a Chance of Meatballs 2 0.523 0.019
43 | Now You See Me 0.176 0.003
44 | The Wolf of Wall Street 0.626 0.006
45 | Lee Daniels” The Butler 0.001 0.000
46 | Pacific Rim 0.012 0.000
47 | Elysium 0.017 0.000
48 | Oblivion 0.386 0.004
49 | Insidious Chapter 2 0.002 0.000
50 | Turbo 0.221 0.139
51 | Mama 0.944 0.004
52 | A Good Day to Die Hard 0.008 0.086
53 | Warm Bodies 0.033 0.001
54 | The Secret Life of Walter Mitty 0.014 0.001
55 | Red 2 0.378 0.297
56 | Riddick 0.027 0.000
Mean 0.145 0.071
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Internet Search Behavior and Box Office Performance

Youseok Lee* - Kyoung Cheon Cha™* - Sang-Hoon Kim***

Abstract

When purchasing products or services, consumers seek information to lessen uncertainty. At
the same time, they are ready to be an information provider sharing his/her own consumption
experience. This research empirically analyzed the relationship between consumer’s Internet
search behavior and box-office performance in the U.S. movie industry. Specifically, this research
gave an answer to whether Internet search volume is an antecedent variable or is an outcome
variable of movie revenue. Moviegoers explore information online to get support to make buying
decision before visiting a theater. Additionally, they investigate information again to extend or
share their experience after watching a movie. Related to this phenomena, this research figured
out which attributes lead consumers to search information before or after watching movies by
analyzing cross-section data.

The cross-correlation analysis and the Granger causality test showed the existence of a
bilateral causal relationship between Internet search volume on a focal movie and revenue of
the movie. Google Trend, daily search volume on any keywords, could be an antecedent and
an outcome of daily box-office record. Furthermore, the results denote that Internet search
volume shows stronger tendency to be a lagging indicator rather than to be a leading one. It is
contrary to a common belief that Internet search is mainly used as an information channel
while consumers make a purchase decision. The regression analysis considering cross—correlation
coefficients as dependent variables confirmed that production budget has positive impact on
pre-search behavior and consumer satisfaction has positive impact on post-search behavior.

The former implies the more marketing activities are conducted, the greater chance the movie
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Professor of Marketing, Department of Business Administration, Dong-A University, Busan, Korea, Corresponding Author
*** Professor of Marketing, Graduate School of Business, Seoul National University, Seoul, Korea, Co-Author
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is included in consumer’s consideration set is assured. The latter suggests that consumers have

stronger needs to extend and share their experience when they are satisfied with movies.

Key words: Internet Search, Google Trend, Box-office, Movie Marketing, Granger Causality
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